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Table 2. Architectural configuration of CharCNN, RNN, and LSTM models.

Layers CNN RNN LSTM
Embedding input dim=73, input dim=>512, input dim=>512,
output dim=12%,

output dim==8(,
input length=512,
trainable=False

output dim=128,
input length=>512

input length=512

Core Layers

Convolutional: 32 filters,
kernel sizes=|4,8],
activation=ReL:;
MaxPoolinglD
pool size=[12,11]

SimpleRNN: 64 units

LSTM: 128 units,

return sequences— True

Dense: 1,

Dense: 1,

Dense 256 — 128 — 1,
Activation: ReLU — ReLU — Activation: Sigmoid Activation: Sigmoid
Sigmoid
Dropout 0.3 0.5 0.5
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